A re-analysis has been carried out of thirty-two case-control and two ecological studies concerning the influence of radon, a radioactive gas, on the risk of lung cancer. Three mathematically simplest dose-response relationships (models) were tested: constant (zero health effect), linear, and parabolic (linear-quadratic). Health effect end-points reported in the analysed studies are odds ratios or relative risk ratios, related either to morbidity or mortality. In our preliminary analysis, we show that the results of dose-response fitting are qualitatively (within uncertainties, given as error bars) the same, whichever of these health effect end-points are applied. Therefore, we deemed it reasonable to aggregate all response data into the so-called Relative Health Factor and jointly analysed such mixed data, to obtain better statistical power. In the second part of our analysis, robust Bayesian and classical methods of analysis were applied to this combined dataset. In this part of our analysis, we selected different subranges of radon concentrations. In view of substantial differences between the methodology used by the authors of case-control and ecological studies, the mathematical relationships (models) were applied mainly to the thirty-two case-control studies. The degree to which the two ecological studies, analysed separately, affect the overall results when combined with the thirty-two case-control studies, has also been evaluated. In all, as a result of our meta-analysis of the combined cohort, we conclude that the analysed data concerning radon concentrations below~1000 Bq/m 3 (~20 mSv/year of effective dose to the whole body) do not support the thesis that radon may be a cause of any statistically significant increase in lung cancer incidence.
INTRODUCTION
Radon, a radioactive gas naturally emanating from Earth's crust, contributes about one-half of the effective dose of ionizing radiation to humans. For this reason, the potential effect of radon on human health has been the subject of many studies worldwide. Of particular interest is whether any correlation exists between the local concentration of radon in the atmosphere and the number of locally observed cases of lung cancer.
In the USA, the recently published 'National Radon Action Plan: A Strategy for Saving Lives' [NRAP http://www.lung.org/assets/ documents/healthy-air/national-radon-action-plan.pdf (developed through the collaborative efforts of American Lung Association, American Association of Radon Scientists and Technologists, American Society of Home Inspectors, Cancer Survivors Against work, we have scrutinised 34 independent radon studies published so far . In the present meta-analysis of this published data we used the same Bayesian techniques as applied earlier, but have also included some classical methods of data analysis.
MATERIALS AND METHODS

Meta-analysis
Review of original data from published studies offers an opportunity to make some general observations. To avoid any bias in our analysis, we decided to consider all the reliable datasets published over the years in peer-reviewed journals. All these publications were carefully studied with regard to the applied methodology of evaluating radon concentration, to dosimetry techniques, and to the evaluated health end-point, i.e. the odds ratio (OR) or relative risk (RR). From each study, adjusted RR or OR estimates and their 95% confidence intervals (CIs) for the mean values over given categories of radon concentrations in Bq/m 3 , were obtained. In all, some 28 000 cases and 900 000 controls were covered, as shown in Table 1 , where a summary of the features of the analysed publications is given. It is apparent from this table that all these data could be included in our further analysis, as no lack of precision nor any inconsistencies in any of these studies are apparent. Cases and controls were subject to well-defined criteria, and residential histories were given for all periods considered-whether long or short, periods of measurements were provided, as were clear indicators of smoking habits, sex and mean age for the selected groups, together with information about the applied methodology of group selection. All the data that we considered in our further analysis were taken from these original publications satisfying the above criteria. Our aim was to test the hypothesis that presence of residential radon increases the risk of lung cancer occurrence. We also wished to evaluate the coherence between the published studies that we analysed.
Data
We have given equal importance to all the data, following the authors' specifications regarding time spent indoors and of in-house measured radon levels. The control groups were carefully chosen to match the exposed groups as accurately as possible. Radon exposure periods ranged between 5 and 25 years. Five years were considered to be the minimum period for cancer occurrence. Confounding factors were taken into account, as given in Table 2 .
In view of the considerable scatter and generally rather high uncertainties of values of ORs or RRs in the published results, we deemed it to be inappropriate to fit the OR/RR vs radon concentration (or vs absorbed dose as both quantities are proportional) dependence by mathematical functions more complicated than a 2nd order polynomial. Therefore the following functions (models) only were considered: constant (no risk), linear (by two approaches) and quadratic (parabolic or linear-quadratic, as some might prefer). A specific linear relationship called the Linear Nothreshold Model (LNT) is often used in the literature as if it was the best null hypothesis. While in our opinion LNT is not the best null hypothesis, we nevertheless decided not to neglect any possible hypothesis, but only to compare the results obtained.
The studies listed in Table 2 can be generally divided into two main groups: case-controls studies (thirty-two papers) and ecological studies (two papers) (see Fig. 1a ). We did not consider any of the radon studies of miners because their methodology is different (e.g. different confounding factors are present, especially the strong effects of smoking and dust), and because their environmental conditions are not representative of those typical for residential radon data. One should note that some of the publications listed in Table 2 (as noted in their description) have already been used in pooled studies [38] [39] [40] [41] [42] , under different analyses.
This work consists of two parts: (i) separate classical (least-square) and Bayesian analysis of OR/RR in case-control data, and (ii) metaanalysis of all data using both classical and robust Bayesian methods, for case-control and for ecological data-separately and in combination.
Concerning the first part, we have concentrated on ORs of cancer morbidity [5, 10, 12, 13, 15, 16, 23, 24, 28, 29, 31, 32, 35] . Similarly, there are also publications in which RRs of cancer morbidity are considered [4, 6-9, 22, 27, 30, 34] . The ORs of mortality were also studied [14, 17, 21, 33] . As a rule, authors of those papers used multivariate logarithmic regression analysis with a preferred linear trend. The RRs of deaths due to lung cancer have also been considered [19] . However, due to difficulties in assigning doses and due to limited data on the RR of mortality, we took the latter paper [19] into account only in the second part of this work.
The four distinctly analysed datasets include (see Fig. 1b ):
(i) cancer mortality ORs (13 data points). Mean radon concentration up to 325 Bq/m 3 .
(ii) cancer morbidity ORs (38 data points). Mean radon concentration up to 299.5 Bq/m 3 .
(iii) cancer morbidity RRs (20 data points). Mean radon concentration up to 475 Bq/m 3 .
(iv) meta-analysis of the above three datasets (71 data points).
In what follows, we shall use the notion of Relative Health Factor (RHF) for all these three risk factors. Thus, the RHF shall be understood as either mortality OR, or morbidity OR, or morbidity RR, depending on the context. The above datasets form a subset of the original data that also contained higher mean values of radon concentrations; however, these were unspecified (listed, e.g. as '>500 Bq/m 3 '). In order to be as consistent as possible, in our primary analysis we had omitted such data points, as well as several points with an unclear description, testing however their influence on the final results in the second part of our work. To that end we assumed that the possible range of radon concentrations was that given in ref. [2] . This explains the origin of points with abscissa >500 Bq/m 3 in Fig. 1a .
Ecological data were not taken into account in this part of our analysis in order to avoid potential ecological fallacy (bias), especially due to the results of Cohen [11, 43] .
To facilitate comparison with our previous work [2] , in the second part of our analysis all data were divided into different datasets according to the type of study (case-control/ecological) and to the dose/concentration range. We used the following commonly accepted radon dose-concentration conversion factors: 1 Bq/m 3 = 0.179 mSv/year of annual equivalent dose to lungs (H), and effective (whole-body) dose, E = 0.12 H [44, 45] . Hereafter, we shall use the term 'effect' either in the sense of the OR or the RR, depending on the context.
Uncertainties
In both parts of our analysis we used the values of uncertainties calculated by the authors of their original papers as the 95% confidence interval (CI) under the assumption of log-normal distribution. However, standard deviation related to 68% CI is normally used in classical least-square fits. Therefore, we have verified whether the use of 68% CI instead of 95% CI has any influence on the values of the fitted parameters. In none of the quoted papers did we find any precise information on the manner by which the asymmetric uncertainties were calculated. Therefore, our analysis was also carried out assuming average radon concentrations, i.e. The published radon data are typically presented in bins (concentration ranges) of various widths. In order to include both vertical and horizontal uncertainties in our analysis, a rectangular distribution of radon concentration within each bin was assumed. In this approximation, radon concentration variance is equal to σ = W 2 , where W is the bin width. Although this value of σ x , if considered in the usual context ( σ ± = 2 95%
x of the CI), may underestimate the actual uncertainty, we have shown in our analysis that this approximation does not lead to any substantial divergence of the final results.
Because the widths of radon concentration bins were relatively large in all datasets while the effect (vertical) error bars were quite asymmetric with respect to their assigned values, we tested the sensitivity of the result on the choice of weights representing these error bars for every data/model combination. In particular, we fitted our models assuming artificially symmetric vertical error bars (arithmetic averages of the original minimum and maximum values), asymmetric error bars (as given in the original papers for 95% CI), and, additionally, estimating that those uncertainties represent 68% of the CI value, as is typically used in experimental physics. While any of these approaches can be justified as being mathematically correct, if considered as a sensitivity analysis, they can reveal to what degree one can trust the final conclusions.
Models
In the first part of the presented paper the following four models of the effect on radon concentration dependence were used to analyse every dataset:
where r is radon concentration.
In the first part of our analysis, all four models were tested; however, based on the results obtained, in the second part of our analysis, the LNT hypothesis was discarded. The remaining three hypotheses (constant, linear, quadratic dependence) were fitted using the classical (least squares) and the robust Bayesian regression methods for all 34 studies, case-control and ecological studies being treated separately. Next, the relative strengths of the hypotheses were compared with each other, applying the Bayesian model selection method used earlier [2] . In this context, we recall the conclusion from that earlier work of ours (metaanalysis of 28 studies), namely that the 'zero-effect' hypothesis was~90 times more likely than the LNT hypothesis, and that 'zero-effect' was also clearly preferred over the more general linear model.
Bayesian analysis
Within robust Bayesian regression analysis, it is assumed that each experimental point E i and its original uncertainty σ 0i are given by appropriate Gaussian distributions (Bayesian likelihood functions) and that the prior uncertainty function is p(σ i ) = σ 0i σ i −2 [46, 47] .
Introduction of such a prior follows from observing large data scatter, not justified by the claimed uncertainties σ 0i . Consequently, values of effective uncertainties σ i become equal to or larger than the original ones, σ 0i . This results in a modification of the joint probability of obtaining the given dataset, expressed usually as exp(−σ 2 /2), where σ 2 is the classical misfit function. This probability has now to be 
Continued multiplied by p(σ i ) and integrated over σ i within the limits (σ 0i ,∞). Following this procedure, one arrives the general posterior probability distribution P = ∏P i :
where M corresponds to the model (expression, or curve) being fitted to the existing data points. This probability is next minimized with respect to the searched parameters, as in the conventional maximum likelihood method. The interesting advantage of such an approach is that the outliers in the dataset acquire substantially lower weights, compared with the classical minimization of the χ 2 function and thus their influence on the fitted values is substantially limited. The disadvantage of this approach is that minimization of Eq. (1) requires more computational work than minimization of the χ 2 function, and that the uncertainties of the fitted parameters are different than those obtained using the conventional method.
Having established the posterior probability distribution, one can adapt it to the model selection algorithm [46, 47] and calculate the plausibility of the tested model M, as: O R -MT E E = ecological study, C-C = case-control study, RR = relative risk, OR = odds ratio, MB = morbidity, MT = mortality. a This paper is also a part of 8 pooled studies by Lubin and Boice [38] . b This paper is also a part of 13 pooled European studies by Darby et al. [40] .
c This paper is also a part of pooled Chinese studies by Lubin et al. [39] . 
where λ corresponds to the parameter(s) of the model [47] . The relative likelihood of two models displaying individual plausibilities N A and N B is given by:
If this ratio exceeds 1, model A is more likely than model B.
We also used the classical least squares method to fit the models to the same datasets.
The differences between classical and Bayesian approaches have been extensively discussed elsewhere [46, 47] .
RESULTS
Preliminary analysis
Results of our preliminary analysis are compiled in Tables 3-5 . First of all, it may be noted that the choice of error bars has a rather negligible influence on the values of the best-fitted parameters. Also introduction of horizontal error bars did not much affect the results obtained. The relatively low slope of the straight line (cf. linear models 2 and 3) is the main reason for the above observations; hence, the values of vertical error bars dominate in the least square fits. Low values of the misfit function, χ 2 :
where w i is the weight of the ith point, N is the number of points, and N p is the number of parameters, are due to the 95% CI values assumed in these calculations. By accepting such uncertainties in Table 3 . Values of the best-fitted parameters of the 'Zero effect' Model 1 (effect = a = constant), using the classical least square method for 95% CI
symmetric uncertainties a = 1.02 ± 0.05 a = 0.99 ± 0.06 a = 1.04 ± 0.08 a = 1.01 ± 0.03
asymmetric uncertainties a = 1.04 ± 0.05 a = 1.04 ± 0.05 a = 1.04 ± 0.05 a = 1.05 ± 0.03 classical least-square fitting, one strongly (by a factor of~4) lowers the weights, thus decreasing the χ 2 value by a factor of~4. We followed the methodology described by Cantrell [48] and York et al. [49] when fitting straight lines with vertical and horizontal error bars.
The best-fitted value of a in Model 1 (zero effect) is a = 1.0, for all three datasets (Table 3 ). This result remains unchanged if all data are aggregated and analysed as a combined dataset (Dataset 4).
It may be interesting to see how often one encounters a given value of the RHF in the data. Figure 2 Fig. 2 . In all cases, a distinct maximum within the (1.00, 1.05) bin is observed. Slight elevation of the mean value of RHF is also seen in Table 3 .
The values of the a constant obtained using Bayesian methods are slightly-but consistently-larger than 1.00; for aggregated data, a = 1.05 ± 0.04. The difference is clearly within uncertainty limits; however, it reflects well what is seen in the histogram of Fig. 2 . Practically the same results are obtained for symmetrized uncertainties. This could be explained if one assumed that hormesis is at work at the lowest observed irradiation levels (radon concentrations). Such a possibility has already been considered by Doss [50] . Table 5 compiled for Model 3 (general linear model) shows that the a intercept value may be slightly larger or smaller than 1, depending on the data selected. Then, the slope becomes either negative or positive, and it becomes larger as the deviation of a from unity increases. This is typical for correlated variables. Nevertheless, slopes are generally negative (except for dataset 2), i.e. the OR/RR effect decreases with increasing radon concentration. Bayesian analysis yields a = 1.04 ± 0.29 and b = 0.00015 ± 0.00165, which means that the slope of the line fitted within Linear Model 3 is practically zero, in spite of large uncertainties in both parameters. This is in agreement with the results of the conventional approach (see Table 5 ). Apparently, the 'zero effect' Model 1 is favoured. The a constant is larger than 1.00, just as in the case of Model 1.
In the LNT (Model 2), the a intercept is fixed at 1, by definition. The slope of the fitted line, see Fig. 3 , is positive-not surprising in the light of the experience with the linear model discussed above. Again, the value of the slope bears a large uncertainty, its sign depending to a large extent on the method of analysis selected.
It is not strange that even much larger uncertainties in the fitted parameters appear if a 2nd order polynomial is fitted to the data (Quadratic Model 4). The obtained goodness-of-fit parameter value is reasonably acceptable, but the values of the fitted parameters are not. Moreover, Model 4 usually yields an inverted parabola, a physically unreasonable result. We conclude that Model 4 should be discarded.
The overall conclusion is that, irrespective of whether one analyses ORs or RRs of morbidity or mortality using the maximum likelihood or Bayesian approaches (with either asymmetric or symmetrized uncertainties), the scatter of experimental points and their high statistical uncertainties are similar; hence, it is reasonable to analyse all datasets in conjunction [2] . This option is further justified by observing that if the values of RR and OR are both close to unity, the OR does not differ much from the relative ratio [51] thus, they can be treated jointly as RHF.
Analysis of the complete dataset
Results of our analysis of all the available data are compiled in Table 6 . The relative health factor (RHF) is presented as a function of dose to facilitate comparisons with the mixed results of our previous paper [2] . Figure 1a shows 134 points representing the RHF of lung cancer plotted against three interrelated horizontal axes: annual equivalent dose to lungs H [mSv/year], annual effective dose (to the whole body) E [mSv/year], and average indoor radon concentration [Bq/m 3 ]. All data points were taken directly from the 34 radon studies, with their original uncertainties (95% CIs). As mentioned earlier, the range of radon concentrations is broader than that in our initial analysis, as additional data points have been included and represent mean values in the outermost part of the relevant concentrations. As the authors of the original papers did not report uppermost concentrations, in such cases we have assumed that their range was the same as that of the preceding data points. This situation could have potentially affected the final results and favoured LNT. As it turns out, this was not the case. Constant, linear and quadratic functions were fitted separately to points from thirty-two case-control studies only, and to points from two ecological studies that included Cohen's data [11] . We aggregated all the points from these different sources on a single plot, as we did in our previous paper [2] . In fact, such a plot was displayed earlier in the UNSCEAR 2006 Report [44] (where Cohen's data were presented in Fig. XV together with the results of case-control studies). This approach seems to be acceptable in view of the gathered statistics, and scatter of the data points and of their uncertainties.
In this part of our meta-analysis, the data were analysed over four regions of equivalent dose to lungs H: up to 15 mSv/year, up to 30 mSv/year, up to 70 mSv/year, and up to 150 mSv/year. The asymmetrical distribution of points along the dose axis justifies such an approach. Aggregated results are presented in Table 6 . Figure 3 shows the results of Bayesian linear best fit to the data from Fig. 1a divided into these four dose sub-ranges. The constant model fit generally oscillates around RR = 1; deviations from RR = 1 are in most cases statistically insignificant. The uncertainties shown cover the 95% CI. The impact of Cohen's data [11] on the slope of the bestfitted straight lines is clearly visible over a substantial part of the radon concentration range.
From Fig. 3b , one may get an impression that the data in the range up to 70 mSv/year could support the LNT. This is not so. First, the slope of the fitted line is correlated with the RR (0) value: the larger the intercept, the more negative the slope. An intercept below 1 results in a positive slope of the line. Second, the uncertainty margins are large; thus, such a result cannot be convincing (has insufficient statistical power). Finally, taking into account the complete dataset, one observes that there is no dependence of RHF on dose. On the other hand, Fig. 1a and Table 6 show that values of what is called a null dose actually represent the lowest doses determined in the studies. This may introduce further uncertainties in the interpretation of the fitted parameters [52] .
DISCUSSION
The first part of our meta-analysis was focused on separately analysing data given in individual studies. Thus end-points, such as ORs of lung cancer mortality or morbidity, and RRs of cancer morbidity, were treated separately, rather than jointly as RHF. There is no doubt that only the 'Zero Effect' Model 1 (i.e. no influence of radon concentration/dose on RHF) has delivered a reasonably stable fit for all such datasets. Results obtained for individual datasets using the LNT Model or the Linear Model are inconclusive. The classical least square approach and the Bayesian approach both lead to the same conclusion for aggregated data: no slope of the regression line other than zero has any statistical support. The correlation between the fitted parameters is too strong to accept the slightly positive slope obtained for LNT (Model 2) as an indication of a trend in RHF dependence on radon dose. Quadratic fits did not add any new value to this analysis, so we decided to abandon Quadratic Model 4 altogether. In view of the presented results, one gains confidence in analysing the data en masse, i.e. in treating all datasets as if they described the same RHF end-point.
The second part of our meta-analysis was conducted over different ranges of radon concentrations/doses. The entire dose range Fig. 3 . Best-fitted linear dependences to the data from Fig. 1a using the Bayesian approach fitted separately within four ranges of radon doses for (a) all 34 studies, and (b) for thirty-two case-control studies analysed in the second part of this metaanalysis. Grey lines represent 95% CI. Regressions are based on the data in Table 5 . was divided into four sub-ranges, and the three simplest models were applied. The Bayesian approach was used to estimate the relative plausibility of each model. The results are shown in the last column of Table 6 . It can be seen that the Bayesian likelihood factors usually favour the 'Zero effect' Model 1. Taking only constant and linear fits into consideration, it is worth pointing out that if all thirty-two studies are considered together, the constant model (no risk below some dose limit) is~10 times more likely than the linear model (even if the linear slope values were negative).
In the case of the two ecological studies, quadratic Model 4 prevails due to the parabolic shape of Cohen's data [11] , which dominate within the two studies combined. It is important to note that ecological studies are burdened with certain inherent limitations, e.g. they are highly sensitive to confounding factors. For example, Cohen's results [11] were criticized for improperly taking into account the effect of cigarette smoking as a confounding factor [53, 54] . In Fig. 4 of the paper by Heath et al. [54] , the dependence of lung cancer mortality on radon concentration is almost parallel to the number of smokers in the respective counties. The same figure is redrawn in the UNSCEAR 2006 Report [44] . The aforementioned correlation, however, does not prove that improper conclusions were drawn by Cohen in his papers [11, 55] . In fact, Cohen himself considered as many as 54 socio-economic variables that could have served as confounding factors, smoking being the major component. However, this did not change his overall finding of an inverse correlation of radon levels with lung cancer. While Cohen's specific aim was to find support for the LNT approach, his final conclusion was that LNT should be discarded [43] . Scott [56] independently evaluated Cohen's data and showed that radon levels up to~150 Bq/m 3 did not increase the lung cancer risk in the exposed people (even in smokers), which he interpreted by assuming that those people must have had some effective natural protection mechanisms. Identical correlations were also reported by Becker [57] . As Cohen indicated in his letter to Jaworowski [B.L. Cohen's letter of 30 June 2003 to Prof. Zbigniew Jaworowski (copy available from L.D.)] and repeated in his later paper [55] , even a perfect negative correlation between the number of smokers and the number of lung cancers due to exposure to radon would not validate LNT, an opinion shared by Henriksen [58] , who also noted that only in Cohen's data is radon inhaled both indoors and outdoors taken into account. Additionally, case studies by Thompson [32] have clearly evidenced some hormetic effects at low radon concentrations (i.e. below some 250 Bq/m 3 ). Such effects are not seen (being 'smeared over') in studies covering much broader ranges of residential radon concentrations. The so-called 'ecological fallacy' issue, which can affect the interpretation of the geographical data of Cohen, was discussed by several authors, including Seiler and Alvarez [59] , and Hart [60] . In that context, special care must be exercised when interpreting ecological studies. This is why in our study we had separately analysed the thirty-two case-control studies and the two ecological studies. A nominally case-control study was presented in the work of Hystad et al. [36] . However, these authors evaluated radon concentration according to the 'ecological' method (i.e. using an area average for each residential address) and considered information collected at an individual level for each of the case and control subjects (including residential history, confounding factors such as smoking habits etc.). Therefore, for our purposes, we decided to classify that study as an ecological one.
A very interesting discussion about radon and its influence on lung cancer mortality is found in the report of Henriksen [58] , where attention is drawn to the important role of radon daughters in the lung/respiratory tract, and to the role played by the lung clearance system-so far never having been taken into account in any of the studies relating lung cancer to radon concentration. Ignoring such factors may result in substantial errors in the estimation of the dose due to radon. Therefore radon concentration would seem to be a more relevant and more representative descriptor of exposure. Even then, discussion of health effects is difficult because radon concentration is known to broadly fluctuate over time due to several environmental factors.
The values of N M (plausibility of a given model, see Eq. 2) presented here differ from those presented earlier [2] . The differences reflect the larger number of data points (134) in the new analysis, and thus the slightly different ranges of λ parameters (Eq. 2). However, the clear preference of the constant (dose-independent) model persists, confirming the general conclusion of our earlier work (see Fig. 1a) . A repeated meta-analysis of 28 studies [2] with present values of λ has yielded N M = 0.3, 0.007, 8 × 10 −6 for the constant, linear, and quadratic models, respectively. Figure 4 shows the RHF distribution of raw data points from Fig. 1a . The maximum around RHF = 1 appears to be quite natural, because most of the points refer to low radon exposure levels, so RHF values close to 1 may be expected. The asymmetric character of this distribution suggests its non-Gaussian character, but as we have verified, it is not a log-normal distribution either. Two Gaussian curves, a narrow one centred around 1.0 and another one broader and centred around a value >1.0 offer a much better fit. This 'contamination' of a purely Gaussian distribution could arise from some unidentified but significant bias present in some publications. Figure 2 shows similar features. The histogram in Fig. 5 demonstrates features similar to those of Fig. 4 ; however, here each point is represented by a proper Gaussian distribution with symmetrized uncertainty. This representation is much more objective than that of Fig. 4 . The data of Fig. 5 could be used as a Bayesian prior function in future studies of the health effects of radon.
Radon is claimed to be one of the most significant causes of lung cancer worldwide. Such claims are often supported by results of various case-control and ecological studies. The site of exposure -domestic or workplace (mostly mines)-is another distinction between these studies. However, in many cases, the conclusion that the influence of radon is detrimental to health has in fact been based on the only hypothesis considered-the LNT model. Support for this hypothesis has been claimed by Darby et al. [40] , by Krewski et al. [61] , and by Darby's European study [62] , apparently proving its validity (at least for residential radon). The range of radon concentrations studied by Darby et al. was rather limited. But what is more important, many authors [1, 63, 64] have indicated that the conclusions of Darby et al. have arisen from circular reasoning, i.e. from confirming a hypothesis that had been assumed as the starting point of their analysis. Even if the original data do not justify the LNT model, it is applied as a hypothesis in most studies. Many authors do not even discuss the possibility of interpreting their data through any other model. This does not mean that other models have never been tested. In particular, the linear-quadratic, the log-linear, and the linearwith-threshold models were tested (along with LNT) in a pooled meta-analysis of 13 European case-control studies on lung cancer and residential radon exposure [62] . Results of individual fits did not differ significantly. Even so, the authors preferred the LNT model. However, in line with the Ockham's razor principle ('Among competing hypotheses, the one with the fewest assumptions should be selected' [65] ), the robust Bayesian model selection method has always supported the simplest (i.e. constant or simple linear) model [2] . Figure 3 reveals yet another feature, namely that linear fits to limited ranges of radon doses/concentrations are different over different sets of data (whether Cohen's data [11] are included or not). However, both of these sets of data yield the same linear fit-in fact, as do similar fits of the constant model-if the full range of annual equivalent doses to lungs H up to 150 mSv/year is considered. Again, Model 1 seems to be the most natural hypothesis if the full range of radon concentration data is taken into account. If only the linear model is used, narrower ranges are less representative of the final conclusion.
The issue of using only the LNT model is in fact more complex. According to the LNT hypothesis, risk is proportional to concentration/effective dose, starting from zero Bq/m 3 or mSv/year.
However, there are no data to support the validity of this hypothesis over the whole range of concentrations/doses, particularly around their lowest values. All existing studies are subject to a number of limitations. The huge scatter in the published results makes it impossible in practice to draw any coherent conclusions [2, 3] . In fact, the LNT hypothesis has been fundamentally criticized in many independent studies (e.g. [63, 64] to about 18 mSv/year) is used in calculations of annual effective dose to the whole body (a standard procedure in radiation protection worldwide). This value lies below the annual dose limit for radiation workers (20 mSv/year) applied in most countries over the world, while in many countries the acceptable radon concentration level in homes is 200 Bq/m 3 (which corresponds to an annual effective dose to the whole body of~4 mSv/year). This should be confronted with the broadly accepted annual dose limit to the general population of 1 mSv/year above natural background exposure. Our results are in line with results published by several authors, including Conrady et al. [67] and more recently by Cuttler and Sanders [66, 68] . The former so-called 'Schneeberg study' (discussed in [58] ) demonstrated that OR lung cancer mortality in humans exposed to radon at concentrations up to 1000 Bq/m 3 shows no tendency to increase, against the control group exposed to radon concentrations below 50 Bq/m 3 . A reverse effect is seentheir data may be interpreted as confirmation of hormesis in action. mSv/year for the whole body). One may then postulate that there is no risk of lung cancer at indoor radon concentrations of <1000 Bq/m 3 (~180 mSv/year for lungs and~20 mSv/year for the whole body). It should also be mentioned that the detailed analysis of existing data on residential radon and the potential risk for uranium miners was previously made by Scott [69] . His conclusion regarding an impact of residential radon (limited to~250 Bq/m 3 )
on lung cancer was in full agreement with Cohen's conclusion. The paper [69] states, even in the title, that 'Residential radon appears to prevent lung cancer.'
CONCLUSIONS
Three different models and 'blind statistics' were applied to analyse data from 34 radon studies treated separately or in conjunction, to seek a model that could best represent these data, i.e. the most likely representative model. No statistical evidence could support the thesis that the linear model best fits the data over low radon concentrations. We have arrived at an opposite view, supported by several arguments, namely that the linear relationship has typically been pre-assumed in such analyses and that it should be discarded. The data are statistically too weak to accept any more complicated model than that of a constant ('zero effect') one. Thus the proper null hypothesis to be used in such analyses is that the effect (risk) is independent of dose. Before other models (functions or mathematical formulae) can be considered in the analysis of low radon exposures, the 'zero-effect' hypothesis must first be disproved. By applying robust Bayesian statistical analysis, we have again found support for the hypothesis that the RR of lung cancer is independent of radon concentration below 838 Bq/m 3 . This is the most reliable and statistically acceptable conclusion arising from our meta-analysis of data from 34 studies.
